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ser: Hello ALICE

Alice: Hi there! ”Hey S|r|II Encoder ‘w x i 2 ..‘

User: How old are you? 2 i i | i |

Alice: I am eighteen in I ' I | ' I | I I B f
e . - | | |

Decoder

computer years

User: Who is your father?

Alice: I was programmed by [—

MIT Eliza EEF RN BT S ESIRIE ) T %;fﬁqés gf%f

Dr.Richard s. Wallace

r: So you are a software

| \é\ Elgle’ ‘ * Google: Meena
* FAIR: Blender
e Watson
H P FramellyfT.57 IBM Watson * OpenAlL: GPT-3
\IERSGUS

http://coai.cs.tsinghua.edu.cn/hml/media/files/dialog.pdf 2023/7/8

https://faculty.csu.edu.cn/_resources/group1l/M00/00/79/wKiylWQX4RCAa-N_AG8S-GfZeEU421.pdf
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Task-oriented Dialogue systems
Find me an Italian }

SYSTEM

restaurant for dinner ubterance, [::":;ra"t" //
Automatic Speech 7 (in NL) l;( NStuc;'al Lan(gigage w slots ‘( Dialogue State
& ) = Recognition (ASR)J | MEReErSEAOE 'L Tracking (DST)
Intent (Find_Restaurant)
HaER Slots (cuisine = Indian) dialogue
: state
[ Okk ..What price } response | dialogue
range do you prefer ? « Text-to-Speech wl (in NL) . ( Natural Language 7‘ act ( Dialogue Policy
o A (TTS) i ' | Generation (NLG) | Learning (DP)
(P J | L J L
— :

_______________________________________________________________________

HARTE = AR INLUY) . B A HIRTE S U N SR IO TE HESR , 18 E 0 N FAE55 . B ERIATE SRR FE .
WA HPIEA] Wi 1B HEZE (intentsHslots)

https://faculty.csu.edu.cn/_resources/group1l/M00/00/79/wKiylWQX4RCAa-N_AG8S-GfZeEU421.pdf
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cuisine = Indian
Location=null

Task-oriented Dialogue systems Price=Null
Find me an Italian P |?) _____ I

restaurant for dinner r—— iz:;ra"t" // i
Automatic Speech 7 (in NL) l;( N.[a]tuc;'al Lan(gilllage w slots ‘( Dialogue State ,
& ‘))) ‘ Recognition (ASR) J !'| n e,rStaI} e | 'L Tracking (DST)
Intent (Find_Restaurant) :
USER Slots (cuisine = Indian) dialogue |
: state i
[ Okk ..What price } response | dialogue :
range do you prefer ? « Text-to-Speech wl (in NL) ( Natural Language 7‘ act ( Dialogue Policy
o - (TTS) i ' | Generation (NLG) | Learning (DP) ;
) | I :
SYSTEM E Dialogue Manager (DM) E

_______________________________________________________________________

XK IBER (DST) - XTIRAB LS5 Y H R @ AR 1 RlG SR g Fir A 28 € B35 B SCIG L 25 B4 (O TR 2
M —BOWE/ S HDS IR AR S TR Rt TS IRH TR S

https://faculty.csu.edu.cn/_resources/group1l/M00/00/79/wKiylWQX4RCAa-N_AG8S-GfZeEU421.pdf
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N E&{EE%E&XTJ“LEA/ \éﬁ
cuisine = Indian
Location=null
Task-oriented Dialogue systems

______________________________________ Price=Null
Find me an Italian ; poman/ TS

restaurant for dinner } r—— iz:;ra"t" ; :
Automatic Speech 7 (in NL) l;( N.[a]tuc;'al Lan(gilllage w slots ‘( Dialogue State ,
& ‘))) ‘ Recognition (ASR) J !'| n e,rStaI} e | 'L Tracking (DST)
Intent (Find_Restaurant) :
USER Slots (cuisine = Indian) dialogue |
: state i
[ Okk ..What price } response | dialogue :
range do you prefer ? « Text-to-Speech wl (in NL) ( Natural Language 7‘ act ( Dialogue Policy
| A (TTS) i ' | Generation (NLG) | Learning (DP) ;
(P J | L J L =
SYSTEM E Dialogue Manager (DM) E

Request(Price)

AT RG> (OP): ARYE S APIRASIESE ~F— T8, BIRERSE b — 2 MIZoRIU 24 KRG8l
Wi UETSHTIRAS+HKBLE R Wil RgEshiE

https://faculty.csu.edu.cn/_resources/group1l/M00/00/79/wKiylWQX4RCAa-N_AG8S-GfZeEU421.pdf
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cuisine = Indian
Location=null
Task-oriented Dialogue systems

______________________________________ Price=Null
Find me an Italian ; poman/ TS

restaurant for dinner } r—— iz:;ra"t" ; :
Automatic Speech 7 (in NL) l;( N.[a]tuc;'al Lan(gilllage w slots ‘( Dialogue State ,
& ‘))) ‘ Recognition (ASR) J !'| n e,rStaI} e | 'L Tracking (DST)
Intent (Find_Restaurant) :
USER Slots (cuisine = Indian) dialogue |
| state i
range do you prefer ? « Text-to-Speech wl (in NL) ( Natural Language 7‘ act ( Dialogue Policy
- (TTS) J‘ l Generation (NLG) | L Learning (DP)
( - : :
(( ’ - Ok, what price range do you E
SYSTEM prefer? Dialogue Manager (DM) i

Request(Price)

HARTE S A INLG) . R ARG R I shE, BNCURRIE, AP TR SR N BIRES
W REEfE R REE

https://faculty.csu.edu.cn/_resources/group1l/M00/00/79/wKiylWQX4RCAa-N_AG8S-GfZeEU421.pdf
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O XHEIRAB L5

XHTRAS 2 RS A TR E 1Y — A EXT AR, SRR TR AL

, PRZAFEGL, (HARHRAIE B R SCh a2
TRBHTREE, FRZ M.

XITIRASIBERHILSS . HAREAEEREEXS G [ & TP AR P B 25 RE BRIl B SCHN H 25 i O TRAS . VR IRI AR,
X TIIRASAB BRI BB VR B2 50 Mo i B2 Y 0 il S 1A 2

———————————————

pa S
domain/ |

: :
utterance Nleliutiell Langl_lage intent/ ! Dlalogue'State
(in NL) Understanding sTot | Tracking
(NLU) ! (DST)
\

esponse Natural Laqguage dialogue Dlalogue'Pohcy
(in NL) Generation ot Learning
(NLG) (DPL)

~

Dialogue Manager
(DM)

e ————

/— Dialogue

A1: The Hilton hotel is located on \
regent street. Would you like this one?
U1: I would like to book a room for 3
nights for 2 people starting on

DST hotel-book people=2
Friday please. model
A3: Any help else, sir? — S3:S1+S2 + ==

U3: [ would like to book a room for 2

nights for 2 people starting on Friday

please.

Dialogue State

S1:hotel-name=Hilton hotel
hotel-book stay=3
hotel-book day=Friday

train-day= Friday
train-leaveat= 09:00

\ train-destination=Cambridge,

2023/7/8 | 10
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O X IRES I BT 55— PR Ehs
RO IR (Slot Accuracy, SA) 7 BIPRE TR A E2 S HHEDN T B SCARREEAT LA, IERIONT, A5 IUN0,

BRE HARHERE (Joint Goal Accuracy, JGA) + f5 A B RGO YR ELHLE BTN XA S TR AT L, RIFERRRE XS
iR, HUA AT R LA B A RE (ARG AR, WHZEIGANT, A0,

Dialogue
A1: The Hilton hotel is located on
regent street. Would you like this one?

U1: I would like to book a room for 3

nights for 2 people starting on
\Friday please.

~

Dialogue

A2: Any help else, sir?
U2: I would like to book a room for 2

nights for 2 people starting on Friday
please.

Predicted Dialogue State
DS; 1 S1:hotel-name=Hilton hotel
mode hotel-book stay=3
hotel-book day=Friday
hotel-book people=3
Predicted Dialogue State
- g ™
DST
model SZ: Sl + =
E train-day= Friday
train-leaveat= 09:00
train-destination=Cambridge

Grounded Dialogue State

S1:hotel-name=Hilton hotel
hotel-book stay=3
hotel-book day=Friday
hotel-book people=2

- J

/ Predicted Dialogue State \

S1:hotel-name=Hilton hotel
hotel-book stay=3
hotel-book day=Friday
hotel-book people=2

$2:S1+ -
train-day= Friday
train-leaveat= 09:00

\ train-destination=Cambridy

JGA: 0
SA: 0.75

JGA: 0
SA: 0.86

2023/7/8 | 11
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Multi-domain Wizard-Of-Oz, MuliWOZ : &ML T2018EIE N, IHFZE . 2T K. Eh. BRARAT R STURLE A o
BHRSEIEETT 5 ANFKE AL H2ZH),

Schema-Guided Dialogue Dataset, SGD: £145180005% Y7 VEREHUAE 55 BXT 15, W ABIFIE . RATEF17T M. XT R
ittel, BAERREEZ T ARENAPL, R APT B EEAINEE, (HECIARE, XA 7 AR ES 5. SaERI
Tk AR5 (H2M).

BEE DSTC2 MultiWOZ SGD
AR 1 7 16

X IE R 1612 8438 16142
PN B 14.5 13.7 20.4
SHER AR slot-value slot-value slot-value
T 8 25 214

LR ERA G 212 4510 14139
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Valuel Ve slot-specitic
BT value V parameres i ofl g W] o ol
‘ ! \“ll*ll*ll*ll*uﬂ#
[ Encoder ] [ Generative Model ] Encoder
/\
utteraréY ‘>c Sn utterance Ut slot Sn utteranéﬁ\slot Sn
7 DSTHAY A GUDS TR IS TR A
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O SURDS TR 55X 0

=
Mrksi¢ZE NFR T TNBTARL . 32 TAFR) =212 v I i AR AR IR B AR R A FR A NBTIHEEHERL, X HUEINZRY
B ) BEUEA TR, ST AL A P BRI R L T SO R R
System Output User Utterance Candidate Pair(s) Tk
... food: Indian,
[ Would you like Indian food? I I No, how about Farsi food? food: Persian, 1.
food: Czech ...
, |
I Context Representation: [t] ] l Utterance Representation: [r]
gating mcchanisr;

MR T 2y 3m] by A A 8 S5 2R
PRIAHL/ TS RIS
Candidate Representation: [c] ]

Context Modelling: [m]

N

RN ARE 2 [ 2RO
3. B T G ERE U LM A2 P
| T FIEHE, AR THIT AL
\\\_\\\///_/// S — T S 1 S 2R P71
| Binary Decision Making: [y] |
NBTHAUAEZE

Neural Belief Tracker: Data-Driven Dialogue State Tracking (Mrksic¢ et al., ACL 2017)
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Fanghua \HEH T STARMIR, ;T v SN, FBORIR R RS B T .
T-'F-E’;l |ﬁ;1 ‘s _.I"f” I

[ renz \ [FEnz | [Fnz |0 % E:::'::une
o] B fio) ) |

Slot Self-Attention < [ Slot Value Matching ]

I‘I.!
\_ O O O ) hicus,
s
e —t —+ 1 ! Ir I
[cLs] Vi [SEP]
[ Slot-Token Attention ] | Slot-Token Attention J l Slot-Token Attention J
i i * f i 1 |
St i B! H (OOOOOOOO O,
[CLS] [CLS] [CLS] f 1t t 1t t 1
BERT | | BERT ] .« | BERT | [ BERT |
P 11 T 11 11 Pt 1t
[CLS] S, [SEP] [CLS] S [SEP] [CLS] 5 [SEP] [cLS] M @B,_, [SEP] D, [SEP]

STARPAIHEZL

Slot Self-Attentive Dialogue State Tracking (Fanghua et al., WWW 2021)
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Slot Gate G; U
PTR E .'Jf {h) Ashley State
Context Vector DONTCARE - Generator |
€50 NONE | i Pl | |
(. ! |

: [x(1—pf)] <)

Wl AR TRADBEIAA, RERNSTBNE e 1| I s ot

dec
h T

PASIBEREAL . KrcopyMLfil T IRV E MBI e Crammee 1 0 0 } i k
: . .

(ﬂ) Encoder

L]
'

N Ashley
| Ex:hotel . ~ Ex: name
| N |
THear f={1,...,J
Utterances Domains i={ I} Slots

. . Hotel, Train, Price, A Day,

Bor: Which area are you looking for the hotel? o, T 108, Ared, 22y

. : Aftraction, Departure, name,

User: There is one at east town called Ashley Hotel. ) . ]

Restaurant, Taxi LeaveAt, food, etc.

TRADERAIAEZL

Transferable Multi-Domain State Generator for Task-Oriented Dialogue Systems(Wu et al., ACL 2019)
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O SR DS TR U Glogu i (s e ) o B

N

(a) Generation-based DST w/ Sequential Decoding

Monday J

Dialogue Hiztory train | day

Dialogue History train destination London Kings Croszs ]

f

Dialogus Hiztory | hotel | ref none ]
(b) Schema-Based Prompt DST w/ Independent Decoding
Dialogue History | train | day | day of the departure ... Meonday J

Dialogue History |hotel | ref reference number... nene ]

X jnj Uﬁﬂ:iﬁﬁ}\iﬁ ﬁ }FZ :EEJ: E/\J Z: Iﬁ ° (c) Natural Language Augmented Prompt DST w/ Independent Decoding

NL Description Value v

Em%ﬁ‘ﬂi‘ﬁ E/(J %?%}ﬁﬁ*ﬁﬂ E@Xﬁiﬁ#ﬁ%&iﬁﬁ%ﬂ%ﬂ o Dialogue History | train  destination | destination location... London Kings Cross l
)

+

destination location of the London
train, [Possible Valusz] 1
London Kings Cross, ...

[Uzer] ...

[System] ... day of the departure,
[Poszible Values]

Monday, ..., Sunday

[User] Can you help me
find a train for Sunday.
I would like to visit

London Kings Street. i reference number
of the hotel booking

Dialogue State Tracking with a Language Model using Schema-Driven Prompting (Lee et al., EMNLP 2021 ) 2023/7/8
Leveraging Slot Descriptions for Zero-Shot Cross-Domain Dialogue StateTracking (Lin et al., NAACL 2021)
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Trippy B ALgE— 2Bt copy ML, $&tH =FEHIHLA Bl MORE_ B SR R GeHe 2R (E e LU i 132
PR TE AR E TR B % DU

£

ol - - .

g .. i E ) start pos distribution| | end pos distribution
BEyg EEESS - I
B3EE  3SRsT el

: : [CLS] uy | e Ul | '. [SEP] | my | - | My || [sEP] | Ly | [ | _ [SEF] |
1 0 : ' ' ' -
fi d
a;erm az* current user utterance preceeding system utterance dialog history
. ~H= I [m}
Trippy i BIHE SR

TripPy: A Triple Copy Strategy for Value Independent Neural Dialog State Tracking (Heck et al., SIGDIAL 2020) 2023/7/8 |
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Mentioned Value Selection Hir Type Prediction

I Blewie:
omi Lang

- 1 [ NN C—  mlentioned
F Hii

Soflmax A
A . ' ) a &
» () ) ¥ Categorical Slor Prediction
F 3 * 1
i .‘i&l w30 | —
X & - 'z il | ) —
[11 _ [T Span Slor Predictiomn
Value I Value 2 Value K || .
Mentioned Kot Pool (M5P) /NN [
A A A
-
Pretrained Neural Network Language Model (PNNLM)
.
. A A
L] LLLfj - L]
[ELE] 44 ut |L|'P|

i

Dialogue Context

MSP-DSTHHUHESL

On Tracking Dialogue State by Inheriting Slot Values in Mentioned Slot Pools (Sun et al., I[JCAI 2022)

Jrik B Trippy2R L, AR SETHE T — P RGEHE
FIFEAT JZE (MSP) S AR A7 B 212 2 B FE R AU FS(E , 5
TH B AR [E R AT, 456 S50 N Bk K
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B R{EREUZ
l slot-specific
Pé"f""@ il o 0l Ko o

(1) HTRBZEZEEMMA R, SERERTTY B2 o o
(2) ZREFEAL 2 [RGB H. X5 B B H: Encoder

A, AFEIBFE AL A e T AR R E . lan .t 2 B I 3 RSE ] /228 ST 248K

B. AR AT R BRI T A 0 HURELZE ELACHR R RFLZE TN

utterance Ut slot Sn

O HST%E
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1.

2.

3.

YPGB SO R AL S A SR
XPiE BTN SCH R ALTE LB AR G AR

P L S {E F U R -

.

J+1 Slot-Shared Prediction-based Value Extraction Module

- .

)  ——

/@refer\ / @gate \ /@span\
N A

A A
/ Ospan y ®span y ®span \

J

Dynamic Dialogue Context-slot Semantics
Fusion Mechanism

4
‘H‘ fine-tune

L

b

- e . TRAIN
- —> current input | | DEPARTURE
_— 2\
—-> next input o2
slot semantics
-
SSNetfb R AE Z¢
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O SSNetfstl
1o WE BN SR ALTE S ARk -
SR AXTIE BN SCH SRR PR U, B RE RS RAME R 2 — VREHXTIE I S His, =
((U1, R1), (U3, R2), -+, (Up—q, Re—) AR, FonNX, = [CLS] D Uy @D [SEP] D R, @D [SEP] @© His; @ [SEP]. i#id Tl <
B AT It o
FETE ORI, R AR B S A KB IEENE UGS S, SIAZIRE SCRon 2. B, S5 MRYIE R
NSLOT; = SN; @ SD; SC; o Falid Tl A B g1 7 4m i o

%

]
N, PLM
L]
‘H‘ fine-tune
[ z&k‘z‘fiw"* Hi
- 4 = fixed
S
- T ) TRAIN
- —> current input | | DEPARTURE
2\"
— : 2,
— - > next input ,é\\

slot semantics
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O SSNetfstl
2. IE LR SCS IR LS et SZBIDAF(FAR R, FRth—
FIR 5 SR I _E T SCR A 7
Rl G RE
L GG A AR L TSSO RIS € RVM, JUpN
SEMRIHIE LN ICRIE, MZHELRIE, 50y m it i Token il
S X Token KL -
2. KIF, WitmaxeR B A L ORI LT SOAITE, AR R
HESUR, WECTRE, JRREfTsoftmaxd—{k.
3. TERAUED SRS N SCHATRORF, S E1EKER, JH REINAL.
4. WL SCRINE LR AT U] € ROV U] =
Lineare|Hy; Hy © H|1351,

Bidirectional attention flow for machine comprehension (Seo et al., arXiv)

<« f— 5
A

FHAARE T 55

AU,

Prizeff 2 o
e
WiRis &
A
TIBCR ALY & €=

*

A
i Softmax

<

A

HS]

E): |
Q) ¢
O

ShAs Rk P
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3. MR =R EIE R
P EHE ISR 4> Aspans inform. refer. true. falses dontcarefInone-LFPZEM | AL 5R X185 BN SOE LAk A8 —1

ITRHTEE IR 252, HE Y B RS R (EFR A SR A E EEECE R Arinform true. falses dontcarem{ ¥ none,
M B et e R E ;R EIRECE A Nyspan, GREA(F B R E BOREALF RS BY0E B R S0 m) s A 21 5 B T o
Jegw, RIUREE; Qi SRRHESR A Nyrefer, A BRLE HUX 6 BRSO R EHRAQATON > 2545, BiE TR A HRESE,

MR UG E

s 1
: ( J#1 Slot-Shared Prediction-based Value Extraction Module ) i
| 3 oo ! ’
I H D L DI

A S S s—
: /@refer\ / @/ig\ate \ / @span \ / @span y @spany @span\ :
: "
I \ J ‘I

Dynamic Dialogue Context-slot Semantics
Fusion Mechanism

RO LSRR BUZ
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O iz R
MultWOZ 25 AR S AL 9 S 7S 10438 5% 2 800 1%, MuldWOZ 2.2 2MuldWOZ 21 EITIRA, FEAB K
DRPREAIA S RN, BT RS Hhospital flpolice U s AT S iR SRR LR, AL A H Bl —4%,
1EH Brestaurant, train, hotel, attraction, taxi &5 UE T K SL 5 (HITERRZ, A CUBERESLAIRT 2 PR, 1
TR RIEMEE R NTE N GR, BATIAREHNEIME .

N ]

)
o i WZRgE | BiEsE | Wi
hotel Prlce range, type, parking, book stay, book day, book people, area, stars, 3381 ‘ 416 ‘ 494

internet, name

restaurant | food, price range, area, name, book time, book day, book people | 3813 | 438 | 437
train | destination, day, departure, arrive by, book people, leave at | 3103 | 484 | 494
attraction | area, name, type | 2717 | 401 | 395
taxi | leave at, destination, departure, arrive by | 1654 | 207 | 195
hospital | department, address, phone | 287 | 0 | 0
police | name, address, phone | 245 | 0 | 0

MuldWOZ R AN RESE T
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i B 2 HIMuldWOZ R 5B 5 LR b RE

Model | Type ‘ MultiwOZ 2.1 | MultiWwOZ 2.2 JGA (%) SA (%) Per-slot Accuracy (%)
TRADE|5] G 46.00 45.40* 61.65 7771 destination | departure | leaveby | arriveat
DS-DST[22] | C+S 51.21 51.70* ' ‘ 66.82 | 7245 | 8729 | 84.27
SOM-DST[6] | G 53.68 53.81* _ - , -
TripPy[16] S 5599 _ Domain expansion experiment on MultiWOZ 2.2.
STAR[23] C 56.36 -
AG-DSTI[7] G - 57.26 Fusion Method | JGA(%) | SA(%)
SDP-DSTI[9] G 56.66 57.60 Tra_ATT 49.77 l12.33 | 96.83 |1.11
MSP-L[15] S 57.20 57.70 Mean 60.03 |2.07 | 97.80 lo.14
SSNet S 59.48 62.10 DFM 62.10 97.94

Joint goal accuracy on MultWOZ 2.1 and 2.2. Ablation study on MultWOZ 2.2 .
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AN S IAs
40 - inform
20 1 dontcare

span
i false
0 none
20 refer
true
—-40 -20 0 20 40

40

20 1

dontcare

inform

false

none

refer

true

span

10

20

30

t-SNFE visualization of different fusion methods. The left is
DFM, and the right is Tra ATT.

Class—Number | DFM | Tra ATT
none — 209897 1.00 0.99
dontcare — 235 0.62 0.02
span — 7397 0.96 0.93
true — 416 0.76 0.70
false — 145 0.85 0.77
inform — 2702 0.93 0.75
refer — 368 0.73 0.58

methods

F1 score of each class using different fusion
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PRAELLMAEAT 55 RS T P 58 15 22 [B1H5 AT 55 -5 Y M R 2 S LRI RE

| am looking for a] Context
" . X
five-star hotel in Encoder Context
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Figure 1: A high level overview of our proposed
pipeline. The user input is used to retrieve relevant
examples, if available. Then, an initial prompt is con-
structed and an LLM is asked to provide current dia-
logue state. Based on that we retrieve database infor-
mation and construct another prompt. Finally we ask
the LLM to provide response.

Are LLMs All You Need for Task-Oriented Dialogue? (Hudecek et al., arXiv)
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* Pizza Hut Clty Centre Is In USER: | am looking for a theatre
_____ the <MASK> price range. to visit while in Cambridge.
Adapter 1 ( Adapter 1 “_ Preferably in the centre of town.
(Domain A) | (Domain C) ] :
N o - - -
R :
N-1 ¥ | PLM Adapter
_____ ) ctive frozen
Adapter 2 ( Adapter 2 MJI (frozen) (a ) { )
(Domain A) | (Domain C) )
Y - --

Cambridge Arts Theatre?

PLM layer 1
N I |

l I Pizza Hut City Centre is in SYSTEM: Would you like to try the
|

#| LM + Adapter Fusion |« — — — the cheap price range.
ozpm ] Figure 3: On the left, a schematic representation of
the memorization stage, where the adapter is trained
Figure 1: A high-level representation of the KB- to memorize KB contents by reconstructing corrupted
adapter architecture (decoder only, for clarity). Adapter statements derived from KB facts. On the right, a rep-

states are fused with the hidden states of the PLM to . T
: b oy g Ml resentation of the utilization stage, where the adapter-
produce a knowledge-informed predictive distribution.

Dashed elements are used only if multiple adapters are augmented PLM is fine-tuned on a downstream TOD
active. task and learns how to utilize adapter knowledge.

Injecting Domain Knowledge in Language Models for Task-Oriented Dialogue Systems (Emelin et al., arXiv) 2023/7/8
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D E ﬁﬁj{*ﬁ@ﬁ{%%ﬂﬂ#iﬁi E/\j %‘iﬁti/ﬁf a) PMULA4050 system: "I'd recommend the Autumn House. Would you like to make a booking?"

user: "Yes please. I need the reservation to be for 8 people and 2 nights starting on Tuesday."
Prediction: ... hotel-name: none Label: ..., hotel-name: autumn house

‘MUiﬂLLMﬁ%?*iKXﬁiﬁjﬁ@iEﬁ%{f%J: E/\Jll\i ﬁ[% o b) PMULO117 user: "Yes I also need a taxi that will get me to the restaurant by the booked time please."

Prediction: taxi-destination: hotel, taxi-departure: restaurant
Label: taxi-destination: the gonville hotel, taxi-departure: la mimosa

Models | attr. hotel rest. taxi train| avg.
¢) SNGO1873 user: "l need to be picked up from pizza hut city centre after 04:30"
. Prediction: ..., hotel-name: dontcare, ..., attraction-type: dontcare. ... Label: ...
TRADE (2019; 2020) [22.8 19.5 164 59.2 22.9|28.16 ¥P
TripPy-R (2022) 27.1 18.3 15.3 61.5 23.7129.18 @ PHOLOS i]’i'ir(:ii::[t.i.(‘)]ncan YOL:jUS[ hldp'me e athig}h-enflﬁ;flcan rfzz?;r?g;:p icerange: expensive
: .., Teslaurant-pricerange: high-en -, slaur: -pricer C. CX SV
TransferQA (2021 31.3 22.7 26.3 619 36.7|35.78
. ['Q [ ) e) MUL2051 user: "Can I get address and postcode for the hotel?"
Lietal. {202 ]) 424 249 277 60.3 41.1|39.28 Prediction: hotel-address: 7, hotel-postcode: 7 Label: -
D3ST (2022) S6.d4 21.8 382 784 38.7146.70 syslemﬂ:n';'['l'n_e: acli]dfress is 74 c}‘;zs;erlon road, the postal code is ch41er, can [ assist with anything else?"
user: "That is all for now, goodbye."
Cﬂmpﬂgnﬂ etal. (2020) 52.8 36.3 45.3 62.6 46.7|48.74 Prediction: hotel-address: 74 chesterton road, hotel-posicode: cb4ler Label: -
ChatGPT |52? 42.0 55.8 709 60.8 | 56.44 f) MULO524 user: "I'm going to Cambridge on saturday and want to arrive by 14:15 please.”
Prediction: ..., train-day: Saturday Label: ..., train-day: saturday
5 g) PMULA4246 user: "i need a place to go and should be a museum”
IC-DST (2022} |6ﬂtl 46.7 57.3 714 494 |5696 Prediction: attraction-type: museum Label: attraction-type: museum

system: "Okay! There are several museums in Cambridge. What part of town would you like to visit?"
user: "How about ones in the centre, what’s available?"

Tﬂ.blﬁ 1: Pf:rf ormance cnmpari SOn bﬁ[wﬁ:[_—‘:n S[a[e_(}f_[he_ Prediction: attraction-type: museum, attraction-area: centre Label: attraction-area: centre
art methods for zero-shot DST in per-domain JGA.

Table 2: Examples of reoccurring errors as listed in Section 4.3.

WIS 405 (hallucinations ) TTRER— ML, (B0 N SBUERARE TS . RATNEETS
ISR AT, I EASIR T XA LT .

ChatGPT for Zero-shot Dialogue State Tracking: A Solution or an Opportunity? (Heck ek et al., ACL 2023) 2023/7/8
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Answer \l‘—LM// 7, LangChain + ChatGLM Made by imClumsyPanda

https:// github.com/imClumsyPanda/langchain-ChatGLM 2023/7/8 |



https://github.com/hwchase17/langchain

O AR S5RGBT A TRt
1 BB RE T

(RiF, TS BT— SRS

HPRETLL EEEEAAER M, FERREOASEEARURREE, RN
HBE AL,

2. RIFANES MRS 15
CEAEwIfilk?

—RRi, ASEEESRREROWFRS, BRSBTS, Rl
B A RS EOW S, S A SR A S WS RS

&, [t lEAZ2SEHAWI-FIRS LB,

2023/7/8 | 36




- #Th7L

XTIPCHEMBERMMAE

O OBTRAEAT 55 T _E A7 AT R (3
3. LFEERRTE, REMIL RIS T P T3 L EEAI?

IR97, ARPTLUA TS — S ETID?
—HRI, ASHEEPRE R ENWIFRS, EREERTRREETS, RIoHRA
BRI B BOW S, ST TR A e SR A

LATILL EERREHTEIETIOEK, IMERAE N SR IFAEEET. S I 4
b ) - &, EftIFEA\ESREAW-FIRESLIRIEXET,

KEpnaETEiRie PSRRI ESIRMEW-FRIRS, BYBEEEETAERATIRMEE A

BERESE T,
MWIi-R{EE, IIMEER0E. EHEATSE, XSRS EETFIRE,

EoEAT, 5—FIEESWDNETIE [NREFEET]  (Bey'sDining) . XE—3 NBEWI-FRHZAMEEIEREEE, St iR EhtEsREERESSaE, elas
ARESATNSRET, RUENNESFRIIEINEY. SFNEEIEsEs, 55 EHEEEIESENWI-FlRS.

BELE, EARHIANRSHRE,

SR S S R ISR A, AR
S5, MEAISREMAINES, B (SR (Fragrant Pavilion) &7, SORER FEXESTEIERATR ASRAERE, SIEiEE,

MESHIELamiag, Riteey TR ADSSIHSE, CHEERIELER

THENSE, S REEEERG,

e e IRt ARSI EE, REFRRCeATIA TRE B2 EEEE ERwililkEigawif
IR B!
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[ T s Empathy in Dialogue Systems
Mrm—: BERESHIEERE.
Human: | messed up my project today.

ﬁ):l:g:\:l\a\\: : %ﬁ %n -I'/D\ ( /é\ﬁiéﬁ \ 1%% \ é:él: System: What is your project?

Human: | think | might get fired...

1:,‘9 1’t %n iln\% ) E,‘] EE)\ o System: Then you need to find another job!

Human: &

2023/7/8 | 39
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6 |[=lzelect 4. ;!i :E., C. HTJ iﬁ_l, = . N S 2 Step 2: Classification
0T " g ae . e - Task Pool Step 1: Instruction Generation Task Identificati

37 | caze when B 2B 15D = C. TEhEIER|] then A 5] end " ZENEIERI ], f}f’ - ask Identification

G5 caze when B. 8B 1A = C. EEWEEI] then A #07] end "EENFEIT A sk | o34

g from P;, B, C :: N / — L I.n\truclion : Give me a quote from a LM = Q

410 TiEEE A ﬁ __E = £ B& __E g_- N / famous person on this topic. i

a1 and & $71-B. Si18H 175 seed tasks with g

42 and C.AFiE = *2015-01-01 SHMNENCH we Step 3: Instance Generation

1 instance per task

0% - < .

Instruction : Find out if the given text is in favor of or against abortion.
O 48

Step 4: Filtering Class Label: Pro-abortion Eﬁ
#ia=  BE FENAER]  EEhEER]

Input: Text: | believe that women should have the right to choose whether | Output-first
\,
\_or not they want to have an abortion.

LM

1 i 2015-01-01  Ifit—2p HULL

> % S015-01-01  HULL ﬂ'ﬁftzﬁﬂ """"""" Instruction : Give me a quote from a famous person on this topic No
— FA oo e Input: Topic: The importance of being honest

3 ?J]'l 2015-01-Mm ﬂuﬁt_*ﬁﬁ HULL Output: "[I’;uncﬂ.\ L\‘{’h: I'Illr\sl chaplc‘;‘rn ‘th: book of wisdom." - Thomas

Jefferson Input-first
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